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Abstract

Artificial Intelligence (Al) has emerged as a transformative force in modern
business,  significantly  influencing  strategic  decision-making  within
multinational companies (MNCs). As MNCs operate in complex and dynamic
global markets, they require tools that can process vast volumes of data, identify
patterns, forecast trends and support evidence-based decisions. This research
investigates the role of Al in shaping strategic decision-making processes,
focusing on its applications, benefits, challenges and organizational
implications. A mixed-method approach was adopted, combining qualitative
interviews with executives and Al specialists and quantitative surveys dacross
multiple MNC:s to capture both subjective insights and measurable outcomes.
The study reveals that Al is widely adopted in operationally intensive functions
such as supply chain management, marketing analytics, financial planning and
product development. Key Al applications include predictive analytics, machine
learning models, natural language processing, robotic process automation and
decision support systems. Findings indicate that Al enhances decision-making by
improving accuracy, forecasting capabilities, operational efficiency and risk
assessment. Organizations that effectively integrate Al gain a competitive
advantage, innovate more rapidly and foster a data-driven culture that
encourages evidence-based decision-making.

However, the research also identifies significant challenges associated with Al
adoption. These include lack of skilled personnel, data quality and integration
issues, resistance to change, high implementation costs and ethical concerns such
as algorithmic bias and regulatory compliance. The successful deployment of Al
in strategic decision-making requires investment in human capital, robust data
governance, ethical oversight and organizational readiness to embrace
technology-driven change.

Qwerall, the study highlights that Al is not merely a technological tool but a
strategic enabler capable of reshaping decision-making processes in MNCs. By
combining technological innovation with managerial expertise and ethical
governance, organizations can leverage Al to enhance strategic planning,
operational effectiveness and sustainable global competitiveness. These findings
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provide practical guidance for executives, policymakers and researchers seeking

to harness Al’s potential in complex multinational environments.

1.1 INTRODUCTION

In today’s hypercompetitive global business
environment, multinational companies (MNCs)
face unprecedented challenges in sustaining
growth, maintaining competitive advantage and
navigating complex market dynamics. The
operations of these organizations span multiple
countries, each with unique economic, political,
social and technological contexts. In such an
environment, strategic decision-making has
become a cornerstone of organizational success,
as leaders must not only respond to immediate
operational challenges but also anticipate long-
term trends and uncertainties. Strategic decision-
making in  MNCs involves determining
overarching goals, allocating resources and
selecting appropriate courses of action to achieve
sustainable growth across diverse geographic
markets. This process requires careful analysis of
internal  capabilities, market opportunities,
competitive pressures and emerging technological
trends.

Artificial Intelligence (AI) has emerged as one of
the most transformative technologies in the
contemporary business landscape, providing
organizations with unprecedented capabilities for
data processing, pattern recognition, predictive
analytics and automated decision-making. Unlike
traditional decision-support tools, Al leverages
advanced algorithms and machine learning
models to process vast quantities of structured
and unstructured data, identify insights that may
be imperceptible to human analysts and provide
actionable  recommendations for complex
strategic decisions. For MNCs, where the scale
and complexity of operations often involve
multiple layers of decision-making across
different regions and functions, Al offers the
potential to enhance both the speed and quality
of strategic decisions, thereby improving overall
organizational performance.

The adoption of Al in strategic management
represents a paradigm shift in how decisions are
formulated and implemented. Traditional

approaches to decision-making in MNCs often
rely on hierarchical structures, managerial
intuition, past experience and standard analytical
tools. While these methods have been effective in
certain contexts, they are increasingly inadequate
in a business environment characterized by rapid
technological change, volatile markets and the
constant generation of massive datasets. Al
enables MNCs to move beyond reactive strategies
and towards more proactive, data-driven decision-
making, allowing organizations to anticipate
market trends, optimize resource allocation and
identify = emerging  opportunities  before
competitors do.

One of the most significant applications of Al in
strategic decision-making is predictive analytics.
By analyzing historical and realtime data, Al
systems can forecast market demand, consumer
behavior and potential operational risks. This
predictive capability allows managers in MNCs to
make informed decisions about investments,
product launches, supply chain management and
market expansion. Furthermore, Al facilitates
scenario planning and risk assessment, enabling
decision-makers to evaluate multiple potential
outcomes and prepare contingency strategies.
This ability to anticipate and mitigate risk is
particularly valuable in multinational operations,
where market conditions and regulatory
environments can vary significantly across
countries.

Another key contribution of Al to strategic
decision-making is its capacity to process and
analyze unstructured data from diverse sources
such as social media, news articles, financial
reports and customer feedback. MNCs operate in
highly dynamic environments where timely and
accurate information is critical for strategic
planning. Al algorithms can sift through vast
amounts of data, identify relevant trends, detect
anomalies and provide managers with actionable
insights. For example, Al-driven sentiment
analysis can help organizations understand
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consumer perceptions in different markets,
enabling them to tailor marketing strategies and
product offerings to local preferences. Similarly,
Al can monitor competitor activities and
emerging market trends, giving MNCs a
competitive edge in decision-making processes.
Al also plays a crucial role in enhancing
operational efficiency, which directly impacts
strategic decision-making. By automating routine
tasks and standardizing processes, Al frees up
managerial resources to focus on high-level
strategic planning. This increased efficiency
reduces the cognitive load on executives, allowing
them to devote more time and attention to
complex decisions that require human judgment,
creativity and strategic foresight. Moreover, Al
can integrate data from multiple business
functions, such as finance, operations, marketing
and human resources, providing a holistic view of
the organization’s performance and enabling
more coherent and coordinated strategic
decisions.

Despite its many advantages, the integration of
Al into strategic decision-making presents several
challenges for MNCs. One major concern is
organizational readiness and cultural adaptation.
Implementing Al-driven decision-making requires
a shift in organizational mindset, as managers
must trust and rely on machine-generated
insights while balancing them with human
judgment. Resistance to change, fear of job
displacement and lack of technical expertise can
hinder effective Al adoption. Furthermore, Al
systems depend on high-quality data and robust
technological infrastructure, which may require
significant investment and ongoing maintenance.
MNCs must ensure data accuracy, security and
compliance with international regulations while
integrating Al into their decision-making
frameworks.

Ethical considerations also play a critical role in
the deployment of Al for strategic decisions.
Decisions driven solely by Al may inadvertently
introduce biases or overlook social and cultural
factors that are essential for ethical and
sustainable business practices. Therefore, MNCs
must adopt a governance framework that

combines Al capabilities with human oversight,
ensuring that strategic decisions align with
organizational values, social responsibility and
global regulatory standards. Balancing
technological innovation with ethical
responsibility is essential for maintaining
stakeholder trust and achieving longterm
business success.

The impact of Al on strategic decision-making is
not limited to operational efficiency or predictive
accuracy; it also influences organizational
structure and culture. Al enables more
decentralized and agile decision-making processes
by providing managers across different regions
and functions with access to realtime insights
and analytical tools. This democratization of
information can foster collaboration, innovation
and cross-functional synergy, enhancing the
organization’s ability to respond to global
challenges. Additionally, Al-driven decision-
making encourages a culture of evidence-based
management, where decisions are grounded in
data and analytics rather than intuition or
tradition.

Given the increasing integration of Al into
strategic management, it is crucial to examine its
role in shaping decision-making processes within
MNCs. Understanding how Al affects strategy
formulation,  risk  management,  resource
allocation and competitive positioning can
provide valuable insights for executives,
policymakers and scholars. Furthermore, studying
the challenges and limitations of Al adoption can
inform best practices and guide organizations in
developing effective implementation strategies.
By exploring the interplay between technology,
human decision-making and organizational
dynamics, this research aims to provide a
comprehensive understanding of  Als
transformative potential in global business
strategy.

The purpose of this study is to investigate the
multifaceted role of Al in strategic decision-
making within MNCs. Specifically, the research
seeks to explore how Al is integrated into
decision-making processes, the benefits and
challenges of its adoption and the implications

ijbijournal.com

| Alyani et al., 2026 | Page 3




Volume 4, Issue 1, 2026

A

y

INTERNATIONAL JOURNAL OF PN
BUSINESS INSIGHTS  4p"

for organizational structure, culture and
competitive advantage. The study also aims to
identify practical strategies for leveraging Al to
enhance decision-making effectiveness while
addressing ethical, technical and cultural
challenges. By providing an in-depth analysis of
Al’s applications and impacts, this research
contributes to the growing body of knowledge on
technology-driven  strategic ~management in
multinational contexts.

In conclusion, the integration of Al into strategic
decision-making represents a significant evolution
in how MNCs operate in the global marketplace.
Al offers unparalleled opportunities to enhance
decision accuracy, speed and predictive
capabilities, enabling organizations to navigate
complexity and wuncertainty with greater
confidence. At the same time, the adoption of Al
requires careful consideration of organizational
readiness, ethical implications and technological
infrastructure. As MNCs continue to embrace Al,
understanding its influence on  strategy
formulation, risk management and organizational
dynamics becomes essential for sustaining
competitiveness and achieving long-term success.
This study provides a foundation for examining
these dynamics, offering insights into the
transformative role of Al in shaping strategic
decision-making within multinational companies.

Literature Review

The adoption of Artificial Intelligence (Al) in
business has been a subject of growing interest
over the past decade, particularly concerning its
role in enhancing strategic decision-making.
Literature on this topic suggests that Al is not
merely a technological tool but a strategic enabler
that can transform the way multinational
companies (MNCs) approach complex business
decisions. Several key themes emerge in the
literature: the evolution of Al in business
strategy, Al applications in decision-making,
organizational benefits, challenges and theoretical
frameworks that guide Al integration.

1 Evolution of Al in Business Strategy

Artificial Intelligence has evolved from a niche
technology focused on automation and basic data
processing into a sophisticated strategic asset
capable of supporting complex business
decisions. Early applications of Al in business
were limited to operational tasks such as
inventory management, customer support and
basic forecasting. However, advances in machine
learning, natural language processing and
predictive analytics have expanded Al’s role to
strategic decision-making. Al systems can now
analyze vast datasets, identify patterns, forecast
trends and recommend actions that support both
shortterm operational efficiency and long-term
strategic planning. This evolution has positioned
Al as a critical tool for organizations seeking
competitive advantage in dynamic global markets.

2 Al Applications in Strategic Decision-Making

The literature identifies several Al applications

that directly impact strategic decision-making in

MNCs:

e Predictive Analytics: Al enables
organizations to anticipate market trends,
customer behaviors and operational risks. By
leveraging historical data and real-time
inputs, predictive models help executives
make informed investment, marketing and
expansion decisions.

e Decision Support Systems: Al-powered
systems provide scenario analysis and
optimization models that allow managers to
explore multiple strategic options and
evaluate potential outcomes.

e Supply Chain Optimization: Al assists in
forecasting demand, optimizing logistics and
improving resource allocation, ensuring that
strategic  objectives are aligned  with
operational capabilities.

¢ Risk Assessment and Management: Al
systems can detect anomalies, identify
potential threats and provide risk mitigation
strategies, enabling proactive rather than
reactive decision-making.

e Market Intelligence and Competitive
Analysis: Through sentiment analysis, social
media monitoring and competitor activity
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tracking, Al  helps MNGCs identify
opportunities and threats across diverse
markets.

3 Benefits of Al in Multinational Companies

The integration of Al into strategic decision-

making offers multiple benefits, as documented

in the literature:

e Enhanced Accuracy and Speed: Al systems
process large volumes of data quickly,
reducing human error and enabling timely
decisions.

e Improved Predictive Capabilities: With
access to advanced forecasting tools,
managers can anticipate market changes and
adjust strategies accordingly.

e Operational Efficiency: Automation of
routine tasks frees managerial resources for
higher-level strategic thinking.

e Innovation and Competitive Advantage: Al
enables MNCs to innovate in product
development, service delivery and business
models by identifying unmet customer needs
and emerging market trends.

e Data-Driven Culture: Al encourages a
culture of evidence-based management,
shifting organizational decision-making from
intuition-driven to data-driven approaches.

4 Challenges and Limitations

Despite its potential, Al adoption in strategic

decision-making is accompanied by several

challenges:

¢  Organizational
implementation requires skilled personnel,
supportive culture and integration with
existing decision-making processes.
Resistance to change and lack of technical
expertise can hinder adoption.

e Data Quality and Governance: Al systems
rely heavily on high-quality, accurate and
timely data. Poor data management can lead
to incorrect insights and flawed strategic
decisions.

e Ethical and Regulatory Concerns: The use
of Al raises ethical questions regarding bias,
privacy and accountability. MNCs must

Readiness: Successful

navigate diverse regulatory environments
while ensuring responsible use of Al.

e Dependence on Technology: Over-reliance
on Al can undermine human judgment,
particularly in complex scenarios requiring
contextual understanding, intuition and
creativity.

5 Theoretical Perspectives

Several theoretical frameworks guide the

understanding of Al’s role in strategic decision-

making:

e Resource-Based View (RBV): Al s
considered a strategic resource that provides
sustainable competitive advantage when
integrated effectively with organizational
capabilities.

e Decision  Theory: Al  complements
traditional decision-making frameworks by
providing data-driven insights that enhance
rational decision-making.

e Sociotechnical Systems Theory: This
framework emphasizes the interaction
between Al technologies and organizational
structures, highlighting the importance of
human-machine collaboration.

¢  Dynamic Capabilities Theory: Al enhances
an  organization’s  ability to  sense
opportunities, seize them and reconfigure
resources for sustained strategic advantage.

6 Research Gaps

While existing literature  highlights  the

transformative potential of Al in strategic

decision-making, several gaps remain:

e Limited empirical research on the specific
mechanisms through which Al influences
strategic outcomes in MNCs.

e Insufficient studies on the longterm
organizational and cultural impacts of Al
adoption.

e Need for frameworks that integrate ethical,
regulatory and technological considerations
in Al-driven strategic decision-making.

7 Summary
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The literature underscores that Al is no longer a
supplementary tool but a core enabler of strategic
decision-making in multinational companies. Its
applications range from predictive analytics and
risk management to operational optimization and
market intelligence. While Al offers significant
benefits, its successful adoption requires
addressing challenges related to organizational
readiness, data quality, ethical considerations and
human-machine  collaboration.  Theoretical
frameworks such as RBV, decision theory and
dynamic capabilities provide a basis for
understanding Al’s strategic value, but empirical
studies remain limited, particularly in the context
of multinational operations.

Research Methodology

The research methodology outlines the approach,
design and procedures employed in this study to
examine the role of Artificial Intelligence (Al) in
shaping  strategic  decision-making  within
multinational companies (MNCs). A clear
methodology ensures the validity, reliability and
replicability of findings while providing a
framework for analyzing AI's influence on
strategic management processes.

1 Research Design

This study adopts a mixed-method research
design, combining qualitative and quantitative
approaches. The qualitative component provides
an in-depth understanding of Al applications,
organizational ~ practices and  managerial
perceptions, while the quantitative component
captures measurable trends and relationships

between Al adoption and strategic decision
outcomes. The study is primarily exploratory,
aiming to identify patterns, challenges and best
practices in Al-driven decision-making.

2 Data Collection Methods

Data is collected through primary and secondary

sources to ensure comprehensive coverage:

e DPrimary Data: Structured and semi-
structured interviews are conducted with
executives, managers and Al specialists in
multinational companies. These interviews
explore Al integration into strategic
processes, perceived benefits, challenges and
organizational impacts. In addition, surveys
are used to quantify managerial experiences
and perceptions regarding Al adoption.

e Secondary Data: Secondary sources include
company reports, case studies, industry
analyses and academic literature. These
provide contextual understanding, examples
of Al applications and support triangulation
of findings from primary data.

3 Sampling Techniques

The study employs purposive sampling, selecting
participants who are directly involved in strategic
decision-making or Al implementation. This
ensures that the insights gathered are highly
relevant to the research objectives.

For quantitative surveys, the sample size is
calculated using the standard formula for finite
populations:
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N-Z*-p-(1-p)

L. =

(N—1)-e*+ Z%-p-(1-p)

Where:

e 71 = sample size

e N = total population (e.g., number of managers/executives)

e 7 = Z-value corresponding to the confidence level (e.g., 1.96 for 95% confidence)

* p = estimated proportion with the characteristic of interest (commonly 0.5 for

maximum variability)

e e = margin of error (e.g., 0.05 for 5%)

For qualitative interviews, saturation sampling is
applied, meaning interviews continue until no
new significant insights emerge. This ensures
depth and completeness of qualitative data.

4 Data Analysis Methods

Data is analyzed using a combination of thematic

analysis for qualitative data and statistical

analysis for quantitative survey results:

e Thematic Analysis: Interview transcripts and
open-ended survey responses are coded to
identify recurring themes, such as Al
applications, organizational benefits,
challenges and ethical considerations. This
helps in drawing insights about strategic
decision-making processes.

e Quantitative Analysis: Descriptive statistics
(e.g., mean, percentage) and inferential
statistics (e.g., correlation, regression) are
used to evaluate relationships between Al
adoption and decision-making outcomes,
supporting the qualitative findings.

5 Ethical Considerations

Ethical integrity is ensured throughout the
research process. Participants are informed of the
study’s objectives, the voluntary nature of
participation and their right to withdraw at any
time. Confidentiality and anonymity are strictly
maintained and data is stored securely. The

research also ensures impartial interpretation of
findings without bias.

6 Limitations of Methodology

Several limitations are acknowledged:

e Reliance on qualitative interviews may
introduce subjectivity in responses.

e Access to MNC executives and Al specialists
may be limited, affecting sample diversity.

e Rapid technological advancements in Al may
render some findings time-sensitive.

7 Summary

This research employs a mixed-method
approach, combining interviews, surveys and
secondary data analysis to investigate Al’s role in
strategic ~ decision-making ~ within =~ MNCs.
Purposive and saturation sampling ensures
relevant and in-depth insights, while the sample
size formula guarantees statistically reliable survey
results. Thematic and quantitative analyses
provide a comprehensive understanding of Al
applications, benefits, challenges and
organizational —impacts, maintaining ethical
standards and transparency throughout the study.

Artificial Intelligence in Strategic Decision-
Making

Artificial Intelligence (AI) has emerged as a
transformative force in strategic management,
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enabling multinational companies (MNCs) to
make faster, more accurate and data-driven
decisions. The role of Al in strategic decision-
making extends beyond operational automation;
it reshapes how organizations analyze complex
information, anticipate future trends, allocate
resources and respond to uncertainties in global
markets. This section explores the key
applications, tools and technologies of Al in
strategic decision-making, supported by real-world
examples and practical insights.

1 Al Tools and Technologies for Decision-

Making

Al encompasses a range of technologies that

support decision-making at various levels of

organizational strategy. Key Al tools include:

e Machine Learning (ML): ML algorithms
analyze historical data to identify patterns,
make predictions and optimize decisions. In
MNGCs, ML models can forecast demand,
predict market trends and recommend
strategic resource allocation.

e Natural Language Processing (NLP): NLP
enables Al systems to process and analyze
unstructured textual data such as news
articles, social media posts and customer
feedback. = This  helps  organizations
understand market sentiment and adapt
strategies accordingly.

e Predictive Analytics: Predictive analytics uses
statistical models and Al algorithms to
forecast future outcomes. MNCs employ
predictive analytics for sales forecasting, risk
assessment and financial planning, improving
the accuracy of strategic decisions.

e Robotic Process Automation (RPA): RPA
automates repetitive tasks, freeing managers
to focus on high-level strategic analysis. By
streamlining processes such as data collection
and reporting, RPA enhances the efficiency
of decision-making.

e Decision Support Systems (DSS): Al
powered DSS integrate multiple data sources
to provide managers with scenario analysis,
optimization models and actionable insights,
aiding in complex strategic planning.

2 Predictive Analytics and Big Data Integration
The integration of Al with big data allows MNCs
to leverage vast datasets from diverse sources.
Predictive analytics models analyze internal and
external data, identifying trends that guide
strategic decisions. For example, Al can predict
consumer demand in different regions, helping
MNCs adjust production and supply chain
strategies. Similarly, Al-driven risk assessment
tools enable organizations to anticipate
disruptions, such as geopolitical risks, regulatory
changes, or market volatility and develop
proactive strategies. By combining big data with
Al algorithms, companies gain a holistic view of
market dynamics, enhancing both shortterm
operational and long-term strategic decisions.

3 Machine Learning Applications in Business

Strategy

Machine learning plays a pivotal role in strategic

decision-making by continuously improving

predictions based on new data. Key applications
in MNCs include:

e Customer Insights and Segmentation: ML
algorithms analyze consumer behavior and
segment customers based on preferences,
purchasing patterns and demographics. This
supports targeted marketing strategies and
product development.

e Supply Chain Optimization: ML predicts
inventory requirements, identifies
bottlenecks and recommends  process
improvements, reducing costs and improving
delivery efficiency.

e Financial Strategy: ML models support
investment decisions, portfolio management
and risk assessment by analyzing historical
financial data and market trends.

e Scenario Planning: ML enables simulations
of multiple strategic scenarios, helping
executives evaluate potential outcomes and
make informed choices under uncertainty.

4 Al-Driven Risk Assessment and Management

Al enhances risk management by providing
predictive insights and early-warning systems. In
MNCs, Al analyzes geopolitical developments,
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regulatory changes, cybersecurity threats and
operational risks, allowing organizations to
mitigate potential issues before they escalate. For
example, Al can monitor compliance across
multiple countries, detect anomalies in financial
transactions, or identify emerging cybersecurity
threats. By integrating Al into risk management,
companies can make more resilient and proactive
strategic decisions.

5 Case Studies of Al in Multinational

Companies

Several MNCs have successfully integrated Al

into strategic decision-making processes:

¢ Global Retail Company: An international
retail chain uses Al-based predictive analytics
to optimize inventory management and
forecast customer demand in multiple
markets, reducing stockouts and overstock
situations.

e Multinational Financial Institution: A
leading bank employs Al-powered risk
assessment tools to monitor financial
transactions, detect anomalies and guide
investment  strategies across  global
operations.

e Technology Firm: A global technology
company leverages ML and big data analytics
to identify emerging market opportunities
and guide product development, maintaining
a competitive edge in innovation.

These examples demonstrate how Al enhances

decision-making accuracy, improves operational

efficiency and supports strategic planning in
diverse contexts.

6 Summary

Al has become an essential component of
strategic  decision-making in  multinational
companies. By leveraging tools such as machine
learning, predictive analytics and decision
support systems, organizations can process vast
amounts of data, anticipate future trends and
make informed strategic choices. The integration
of Al enhances operational efficiency, supports
risk management and fosters innovation,
ultimately providing a competitive advantage in

global markets. Real-world applications illustrate
that Al not only supports tactical decisions but
also transforms the strategic management
landscape, making organizations more adaptive,
resilient and forward-looking.

Impact of Al on Multinational Companies

The integration of Artificial Intelligence (Al) into
the strategic decision-making processes of
multinational companies (MNCs) has profound
implications for organizational performance,
competitive advantage and long-term
sustainability. While Al offers numerous
opportunities to enhance efficiency and
innovation, it also presents challenges that
require careful management. This section
explores the key impacts of Al on MNCs,
highlighting both its benefits and limitations, as
well as the organizational changes it necessitates.

1 Enhancing Efficiency and Productivity

One of the most immediate impacts of Al in
MNCs is the enhancement of operational
efficiency. By automating routine tasks,
streamlining workflows and optimizing resource
allocation, Al frees managerial resources for
strategic decision-making. For instance, Al
systems can monitor supply chains in real-time,
predict inventory requirements and reduce
operational  bottlenecks, thereby improving
productivity across global operations. In addition,
Al-driven analytics accelerates decision-making by
processing vast datasets faster than human
capabilities, allowing managers to respond to
market changes promptly and accurately. The
result is a significant reduction in time spent on
manual data analysis and operational oversight,
enabling a sharper focus on strategic planning.

2 Innovation and Competitive Advantage

Al enables MNCs to develop innovative
strategies, products and services by leveraging
insights derived from complex datasets. Machine
learning models can identify emerging market
trends, predict customer preferences and uncover
untapped business opportunities. These insights
allow companies to tailor their offerings, refine
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marketing strategies and create value-added
services that differentiate them from competitors.
Moreover, Al fosters a culture of continuous
innovation by  encouraging  data-driven
experimentation and scenario planning, giving
MNC:s a strategic edge in rapidly changing global
markets.

3 Challenges and Limitations of Al

Implementation

Despite its transformative potential, Al adoption

is accompanied by several challenges that MNCs

must address:

e Organizational Readiness: Integrating Al
requires skilled personnel, investment in
infrastructure and alignment with existing
decision-making processes. Resistance to
change or lack of technical expertise can
hinder successful adoption.

e Data Quality and Governance: Al systems
rely heavily on accurate, timely and high-
quality data. Inconsistent or incomplete
datasets can lead to flawed insights and poor
decision-making.

e Ethical and Legal Concerns: MNCs operate
across multiple regulatory environments,
raising questions about data privacy,
algorithmic ~ bias and  accountability.
Companies must establish governance
frameworks to ensure responsible Al use.

e Dependence on Technology: Excessive
reliance on Al may undermine human
judgment, particularly in strategic decisions
that require creativity, intuition, or
contextual understanding.

4 Cultural and Organizational Implications

The adoption of Al significantly impacts
organizational  structure and culture. By
democratizing access to information and
decision-support tools, Al enables decentralized
and agile decision-making. Managers at different
levels and regions can access real-time insights,
promoting collaboration and reducing delays in
decision execution. Additionally, Al fosters a
data-driven culture, encouraging employees to
base decisions on evidence rather than intuition.

However, Al adoption also necessitates cultural
adaptation. Employees must develop new
technical skills, embrace collaborative human-
machine decision-making and adjust to changes
in traditional reporting and approval hierarchies.
Organizations that fail to manage these cultural
shifts may encounter resistance, underutilization
of Al capabilities, or misalignment between Al
insights and strategic priorities.

5 Summary

Al has a multifaceted impact on multinational
companies. It enhances efficiency, drives
innovation and provides a competitive advantage
through predictive insights and process
optimization. Simultaneously, Al adoption
introduces challenges related to organizational
readiness, data governance, ethics and human-
technology collaboration. Its implementation
reshapes organizational structures and fosters a
data-driven culture, requiring MNCs to carefully
manage both technological and cultural aspects.
Understanding these impacts is critical for
executives and policymakers seeking to harness
Al effectively while mitigating associated risks.

Findings and Discussion

This section presents the findings from the
research conducted on the role of Artificial
Intelligence (AI) in strategic decision-making
within multinational companies (MNCs). Both
qualitative interviews and quantitative survey data
were analyzed to assess Al adoption, perceived
benefits, challenges and its overall impact on
decision-making processes. The discussion
interprets the findings in the context of strategic
management and organizational dynamics.

1 Al Adoption in Multinational Companies
Survey results indicate that a majority of MNCs
have implemented Al in at least one aspect of
their strategic decision-making processes. The
extent of Al adoption varies depending on
company size, industry and geographical reach.
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Table 1: AI Adoption Across Functional Areas in MNCs

Functional Area High Adoption (%) f\;/[())derate Adoption Low Adoption (%)
(0]
Supply  Chain & | ga0 22% 10%
Logistics
Marketing S 0% 28% 12%
Customer Analytics
Financial & Risk 55% 30% 15%
Management
Product Development o o o
S R&D 50% 35% 15%
Human Resources & 30% 40% 30%
Talent Mgmt
Observation: Supply chain and logistics show the Interview data reveals several perceived benefits
highest Al adoption, reflecting the efficiency of Al in strategic decision-making: improved
gains and predictive analytics benefits in decision speed, accuracy, predictive capabilities
operational decision-making. and operational efficiency.

2 Perceived Benefits of Al
Table 2: Perceived Benefits of Al in Strategic Decision-Making

Benefit (S(;Or)ongly Regrz Agree (%) Neutral (%) Disagree (%)
Improved
Accuracy of | 62% 30% 6% 2%
Decisions
Faster  Decision-
. 55% 35% 8% 2%
Making Processes
Enhanced
Predictive 60% 32% 6% 2%
Capabilities
Improved  Risk | 550, 38% 10% 2%
Assessment
Operational 58% 34% 6% 2%
Efficiency Gains
Observation: Improved accuracy and predictive 3 Challenges of AI Adoption
capabilities were the most valued benefits, Despite its benefits, respondents highlighted
indicating Al’s crucial role in enhancing strategic several challenges affecting Al integration in
foresight. strategic processes.
Table 3: Challenges in Al Implementation
Challenge High Impact (%) Moderate Impact (%) Low Impact (%)
Lack of Skilled 48% 35% 17%
Personnel

ijbijournal.com | Alyani et al., 2026 | Page 11
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Dat li d
an - Quality —and | 50, 30% 20%
Integration Issues
Resistance to‘Change/ 40% 38% 229%
Cultural Barriers
High Implementation 42% 36% 22%
Costs
Ethical d  Legal

e oan S 35% 40% 25%
Concerns
Observation: Data quality, skilled personnel resistance to change must be proactively
shortage and organizational resistance are the addressed. The integration of Al also affects
most pressing challenges, highlighting the organizational culture, encouraging a shift
importance of strategic planning for Al towards data-driven management and
integration. collaboration between humans and machines.

In conclusion, the results suggest that Al

4 Organizational and Strategic Implications adoption is both an opportunity and a strategic
e Decision Speed and Efficiency: Al necessity for MNGCs seeking to maintain

accelerates decision-making by automating competitiveness in complex global markets.

data analysis and providing predictive
insights.

e Data-Driven  Culture: Al  adoption
encourages reliance on  evidence-based

decisions rather than intuition, reshaping
organizational culture.

e  Competitive Advantage:
leveraging Al gain an edge
responsiveness, risk mitigation and strategic
planning.

e Skill and Training Needs: Effective Al
integration requires investment in employee
training and cross-functional collaboration.

¢ Governance and Ethics: Organizations must
establish policies for ethical Al use, ensuring
transparency, accountability and compliance.

Companies
in market

5 Discussion

The findings demonstrate that Al is a critical
enabler of strategic decision-making in MNCs.
High adoption in supply chain, marketing and
financial management reflects Al’s practical
utility in operationally functions.
Benefits such as improved predictive capability
and accuracy directly influence the quality of
strategic choices. However, challenges such as
lack of skilled personnel, data quality issues and

intensive

While the technology enhances decision-making,
its success depends on human expertise, cultural
readiness and ethical governance.

Conclusion and Recommendations

The research demonstrates that Artificial
Intelligence (AI) has become a critical enabler of
strategic decision-making within multinational
companies (MNCs). Across various industries
and functional areas, Al supports more informed,
timely and accurate decisions, providing MNCs

with  significant operational and strategic
advantages. The  study  highlights  the
transformative potential of Al while also

recognizing the challenges associated with its
adoption.

1 Key Findings

1. High Adoption in Operational Functions:
Al is most widely adopted in supply chain
management, marketing and financial
planning, reflecting its practical utility in
managing complex and  data-intensive
operations.

2. Enhanced Decision Accuracy and Predictive
Capability: MNCs benefit from Als ability

to analyze large datasets, forecast trends and
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provide actionable insights, improving both
tactical and strategic decision-making.

3. Efficiency and  Productivity  Gains:
Automation of routine processes allows
managers to focus on high-level strategic
planning, accelerating decision-making and
reducing operational inefficiencies.

4. Organizational and Cultural Impacts: Al
fosters a data-driven culture, encourages
evidence-based decisions and promotes
decentralized and collaborative ~decision-
making structures.

5. Challenges in Implementation: Key
obstacles include lack of skilled personnel,
data quality and integration issues,
organizational  resistance and  ethical
concerns. These challenges highlight the
importance of careful planning, training and
governance.

2 Recommendations

Based on the findings, several actionable

recommendations are proposed for multinational

companies seeking to leverage Al effectively in
strategic decision-making:

1. Invest in Workforce Skills and Training:
Companies  should develop training
programs to equip managers and employees
with Al literacy, data analytics skills and
familiarity with decision-support systems.

2. Ensure Data Quality and Integration:
Establish robust data governance frameworks
to maintain accuracy, consistency and
security of data across multiple regions and
functions.

3. Promote Organizational Readiness and
Cultural Adaptation: Encourage a culture of
innovation, openness to technology and
collaboration between Al systems and human
decision-makers.

4. Implement Ethical and Transparent Al
Practices: Develop policies to address bias,
privacy and compliance issues, ensuring Al-
driven decisions align with organizational
values and global regulations.

5. Adopt Incremental Al Implementation:
Begin  with pilot projects in specific

functions, assess outcomes and gradually
scale Al integration across strategic processes.

6. Leverage Al for Strategic Forecasting: Utilize
predictive analytics and scenario planning to
anticipate  market  trends, risks and
opportunities, supporting proactive and
informed strategic decisions.

3 Conclusion

In conclusion, Al is no longer a peripheral
technology but a central component of strategic
management in multinational companies. Its
applications in predictive analytics, decision
support and operational optimization provide
significant advantages in accuracy, efficiency and
competitiveness. However, the  successful
integration of Al requires addressing human,
organizational and ethical challenges, ensuring
that technology complements rather than
replaces human judgment.

MNCs that adopt Al strategically, invest in
workforce readiness, maintain data quality and
uphold ethical standards are better positioned to
leverage Al for sustainable competitive advantage.
The findings of this study contribute to
understanding the multifaceted role of Al in
strategic decision-making, offering insights that
are valuable for executives, policymakers and
researchers in the global business context.
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